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Abstract. This paper provides a comprehensive review of Al-driven techniques for the automatic
generation and rendering of game characters, with a particular focus on Generative Adversarial
Networks (GANSs) and Variational Autoencoders (VAES). GANSs, using adversarial training
approaches, have revolutionized character development by producing incredibly realistic and
aesthetically pleasing gaming characters. VAES, despite frequently encountering issues like
image blurriness, provide an alternate strategy that emphasizes diversity and originality in the
generated content. Additionally, conditional models that enable more individualized and
regulated character generation are explored, as well as hybrid models that combine the best
features of both GANs and VAEs. The difficulties with mode collapse in GANs and the
requirement for big datasets for both GANs and VAEs are also covered, along with some possible
fixes like transfer learning and semi-supervised learning strategies. This analysis emphasizes the
growing significance of Al-driven game character generation in the gaming industry by
highlighting its current state, problems, and future directions.
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1. Introduction

The creative industries have been greatly impacted by the rapid growth of artificial intelligence (Al),
with the gaming industry being one of the most severely affected. The autonomous creation and
rendering of game characters stands out as a revolutionary advancement among the many uses of Al in
gaming. Historically, game character development has been a labor-intensive process, requiring
experienced designers to create distinctive and visually captivating characters. To get the right amount
of realism and detail, this procedure frequently required several iterations and adjustments. But the
paradigm for character development has completely changed with the advent of Al-driven methods like
Generative Adversarial Networks (GANSs) and Variational Autoencoders (VAES).

Since its introduction by Goodfellow et al. GANSs have become a potent tool in generative modeling,
especially for tasks that need a high degree of detail and realism [1]. GANSs have proven highly effective
in creating lifelike graphics through the adversarial interaction of their discriminator and generator
components. For this reason, they are perfect for creating game characters that closely resemble real
people or imaginary animals. This feature has given game creators more creative options in addition to
cutting down on the time and expense of character production.

However, VAEs-which were initially put forth by Kingma and Welling-offer an alternative strategy
to generative modeling [2]. VAEs are very useful for investigating the wide range of potential character

© 2024 The Authors. This is an open access article distributed under the terms of the Creative Commons Attribution License 4.0
(https://creativecommons.org/licenses/by/4.0/).

137



Proceedings of the 2nd International Conference on Machine Learning and Automation
DOI: 10.54254/2755-2721/82/20241022

designs, which enables the construction of a variety of characters that can be highly stylized or realistic.
VAEs have the capacity to encode and decode intricate data distributions. This ability enables the
creation of distinctive and flexible characters, offering a crucial degree of artistic freedom in the current
game production industry. Additionally, the use of hybrid models that combine VAEs and GANSs has
demonstrated promise in overcoming the drawbacks of each technique, resulting in character generating
systems that are more reliable and adaptable.

This paper provides a thorough analysis of Al-driven game character generation. It examines the uses
of GANs and VAEs, their challenges, and future directions in this rapidly evolving field. By
understanding these dynamics, academics and game developers can better harness Al's potential to
innovate in game character creation.

2. Generative Adversarial Networks (GANS)

Generative Adversarial Networks (GANS), introduced by Goodfellow et al. have transformed generative
modeling in many fields, including game character generation. Two competing neural networks make
up GANSs: the discriminator (D), which assesses the new data instances, and the generator (G), which
generates them. This procedure can be compared to the efforts of a counterfeiter (the generator) to create
counterfeit money and the police (the discriminator) to find it. As both the discriminator and generator
improve over time, they collectively produce increasingly lifelike artificial data [1].

GANSs have undergone numerous iterations and improvements to overcome various challenges and
enhance their effectiveness. The original GAN framework, known as the classical GAN, suffered from
issues such as mode collapse and training instability, but also laid the foundation for adversarial training.
It used basic multi-layer perceptrons as both the discriminator and the generator [3]. Deep convolutional
GAN (DCGAN) was proposed by Radford et al. DCGAN incorporates convolutional layers into both
the generator and the discriminator. This significantly improves the quality and stability of the generated
images, making them more suitable for high-resolution tasks [4]. Arjovsky et al. proposed the
Wasserstein distance as a new loss function to overcome the instability in GAN training, which is known
as the Wasserstein GAN (WGAN). By addressing the mode collapse issue, WGAN stabilizes the
training process and produces more realistic images [5]. Spectral normalization or spectral normalized
GAN (SNGAN) was proposed by Miyato et al. It stabilizes the training of the discriminator by
normalizing the spectral norm of the weight matrix. By using this approach, the training process
becomes more persistent and reliable [6]. With the introduction of BigGAN by Brock et al., larger batch
sizes and deeper networks were added to the GAN architecture. This allows for the generation of high-
fidelity graphics with more variation and complexity, making it ideal for developing complex game
characters [7]. The automatic creation of characters for role-playing games and Dungeons & Dragons is
a notable use of GANs in gaming. GANs were used by Aydin Emekligil and Oksiz to automate the
process of creating visual characters for video games.

Figure 1. Examples of two datasets including original game characters [3]
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They used RPG and DnD datasets for training, each containing thousands of internet-sourced photos
(Figure 1). With these datasets, they trained six distinct GAN models. SNGAN performed the best out
of all the models that were tested. The study also emphasized the benefits of transfer learning strategies,
such BigGAN and WGAN-GP, especially in situations when data availability is constrained. These
models demonstrated the effectiveness of transfer learning in situations with limited datasets,
outperforming those trained from scratch [3]. In another study, Shi et al. created a technique for
employing GANs to convert facial characteristics to gaming character qualities. Based on input
parameters, this technique, called Face-to-Parameter Translation, enables the production of realistic and
varied character faces.
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Figure 2. Face-to-Parameter Translation technique [8].

By training on a collection of character faces, the GAN learns to map latent variables to specific
facial features. This provides game creators with a powerful tool for character generation, as shown in
Figure 2 [8]. By creating Zero-Shot Text-to-Parameter Translation for gaming character auto-creation,
Zhao et al. expanded on the idea even further. This method makes it possible to create game characters
using textual descriptions, making the process of creating characters more flexible and intuitive. Based
on user input, the model is trained to translate textual descriptions into character parameters, generating
a varied range of high-quality characters [9].

3. Variational Autoencoders (VAES)

Apart from GANs, another generative model that has been employed in game character creation is the
variational autoencoder (VAE). In order for VAEs—which Kingma and Welling first proposed—to
function, input data must first be encoded into a latent space and then decoded back into the original
data space. With the help of this method, VAEs can produce new samples that closely resemble the
original dataset and discover the underlying distribution of the data [2].

The creation of Pokémon characters is an intriguing use case for VAEs. Pokénon characters have
been created by researchers using a Convolutional VAE (CVAE) based on their type. The model was
able to create new characters that matched the attributes and style of the original dataset by training the
CVAE on a collection of photos of Pokénon. This application demonstrates how VAESs may be used to
generate a wide range of game character styles, which makes them an invaluable tool for game designers
[10]. VAEs have been extensively used for character face generation and customization. By training on
large datasets of human faces, VAEs can learn complex facial trait distributions to create new, realistic
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faces. VAES have been used, for instance, to produce intricate and programmable video game avatars.
These models enable users to modify various aspects of generated faces, such as age, gender, and
expression, offering a highly customized gaming experience [2][11].

VAESs have been used to create a vast range of gaming assets, such as environments, objects, and
textures, in addition to characters. Emekligil demonstrated the use of VAEs in creating game
environments. Their approach produces environments that complement the game's overall aesthetic in a
cohesive and artistic manner. This program is especially helpful for procedurally generated games,
where it's essential to automatically create interesting and varied content [11].

To improve their capabilities, VAEs have been coupled with other generative models in addition to
being used alone. Combining VAEs with GANs or other deep learning methods allows hybrid models
to take advantage of the advantages of each method. For example, Combining GANs' ability to generate
high-quality images with VAEs' encoding of complex data distributions can result in more robust and
adaptable models. These hybrid models work especially well for producing varied and high-resolution
game characters and objects [1][2]. Many improvements have been suggested to alleviate some of the
drawbacks of VAEs, such as the production of hazy images. Methods like conditional VAEs (CVAES)
and hierarchical VAEs have demonstrated promise in raising the caliber and precision of generated
information. Multiple levels of latent variables are introduced by hierarchical VAEs, enabling more
intricate and organized representations. Conversely, conditional VAESs produce samples according to
particular features or situations, allowing for more focused and regulated creation of game characters
and materials [2][11].

4. Comparative Analysis of GANs and VAEs

When it comes to creating game characters, both GANs and VAESs have advantages and disadvantages
that are specific to them. Although GANs are renowned for generating realistic, high-quality images,
they frequently have problems like mode collapse, in which the generator only generates a small number
of output variations. On the other hand, because VAEs are probabilistic in nature, they can result in
fuzzy images even if they often yield more diverse outputs [1][8]. The need for large datasets is one of
the main obstacles to applying these models. Extensive training data is usually required for high-quality
character production; however, this data is not always available. Transfer learning becomes essential at
this point. Even with insufficient data, high-quality results can be obtained by fine-tuning models that
have been pre-trained on larger datasets. Research has demonstrated that transfer learning greatly
improves the performance of VAEs and GANs in situations where there is limited data availability
[11[3]1[8][S].

Scholars have begun investigating hybrid models that incorporate features of both GANs and VAEs
in order to take advantage of their respective strengths. The goal of these models is to produce high-
quality images that have the diversity that VAE outputs are known for. One strategy is to apply
adversarial training techniques from GANs to enhance the realism of the generated images while
encoding and decoding data using the VAE architecture. This combination may be able to get beyond
the drawbacks of both models and offer a reliable method for creating gaming characters [1][8][11].

The creation of conditional models, such as Conditional VAEs (cVAESs) and Conditional GANs
(cGANS), is another exciting avenue. Character development can be more precisely controlled and
tailored with the help of these models, which can produce characters depending on particular traits or
conditions. To provide game producers more control over the generated content, a cGAN might be
trained to create characters with particular hair colors, outfit designs, or facial traits [1][8][9].

The creation of gaming characters is likely to benefit from future developments in unsupervised and
semi-supervised learning methodologies. These methods can lessen the reliance on substantial labeled
datasets, making it possible to produce high-quality characters with little oversight. These techniques
can improve the scalability and efficiency of the character generation process by utilizing unlabeled data
[1][2][11]. Maintaining a balance between diversity and quality in generated characters remains a
significant challenge. Finding the ideal balance between the trade-offs of GANs and VAEs is essential.
To solve this problem, hybrid models and enhanced training strategies like hierarchical VAEs and
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progressive GANs are being investigated [1][2][11]. GAN and VAE training requires substantial
computational resources, including high-performance GPUs and large memory capacities. For freelance
creators and smaller studios, this can be a hindrance. These issues can be lessened by cloud-based
solutions and optimization strategies like model reduction and quantization, which provide accessibility
to sophisticated generative models [1][2][11].

5. Conclusion

The creation of game characters has been completely transformed by Al-driven methods, especially
those that make use of GANs and VAEs. These methods offer previously unheard-of levels of realism,
diversity, and efficiency. Although GANs are excellent at creating incredibly complex and lifelike
characters, they can have issues with mode collapse, which can limit the range of characters that can be
produced. VAESs present a new set of issues because, although they enable a greater variation in character
generation, they frequently yield images that lack crispness and detail. A promising approach to getting
over these restrictions is the construction of hybrid models that combine the best features of VAEs and
GANSs, allowing for the production of diverse and aesthetically pleasing characters. Furthermore, game
developers can create characters that adhere to particular design specifications by using conditional
models, such as Conditional GANs (cGANSs) and Conditional VAEs (cVAESs), which afford them
additional control over the character generation process. These developments raise the bar for produced
characters while also streamlining the character design process and increasing accessibility for
independent and smaller teams. The quality, diversity, and control of created characters in video games
will probably continue to increase in the future as Al technology develops. The use of big labeled
datasets will be lessened by unsupervised and semi-supervised learning approaches, making high-
quality character generation possible even with sparse data. The future of the gaming business will be
greatly influenced by the further advancement of these Al-driven techniques, which will make it possible
to create more immersive and captivating gaming experiences.
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