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Abstract: Corruption and subjective well-being are of interest to scholars, governments, and
legislators. The study builds on existing literature that explores the interplay between
economic, cultural, and political factors and happiness, with a particular focus on the less-
examined role of governance quality, as measured by corruption levels. While scholars
generally see corruption as a predictor of happiness, the direction of that effect is unclear.
Using cross-national data from 133 countries, this paper investigates the impact of corruption
on individuals’ happiness. Employing an Ordinary Least Squares (OLS) regression analysis,
the research controls for other critical variables such as GDP, democracy index, and education,
and tests the hypothesis that lower corruption is associated with higher happiness. The
perceived corruption is statistically significant on predicting happiness when it is solely
considered, but the situation changed when controlling GDP. The paper reveals that economy
plays important role as a intervening variables between corruption and happiness. The paper
is a helpful guides for policymakers and governments in making effective anti-corruption
measures for enhancing happiness at a national level.
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1. Introduction

Happiness is a key aspect of human life. The United Nations celebrates the International Day of
Happiness on March 20th each year to remind people of the importance of happiness [1].
Policymakers and scholars have tried hard to determine the essential factors affecting happiness, for
proposing more effective public policy. Radcliff states that while many social factors such as
education, wealth, and health are widely discussed, political factors did not enter the centre of
literature discussion until the end of the 20th century [2]. In other words, people used to marginalize
the importance of governance in promoting universal happiness. Headey and Wearing explain that
the deemphasis of politics in affecting happiness is understandable because individuals are primarily
concerned about personal variations in income, occupation, social relations, etc [3]. In contrast, they
are more indifferent about the collective issues, such as the political issues affecting society. However,
Radcliff argues that people will be happier when they are more satisfied with their social environment
and political system, and political studies on happiness matter [2]. While there is increasing literature
on relations between democracy and happiness, this essay focuses on another aspect of governance
the quality of the government. This essay will take one of Paleologou’s approaches to measuring the
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quality of the government, which is the perception of corruption [4]. Finally, the research question of
this paper is narrowed as follows: whether and how corruption affects happiness? This paper first
reviews the development of literature on the study of happiness, corruption, and casual relations
between them. Although the nature and direction of that impact are still being debated, the essay
suggests an increasing consensus on the relevance of the two variables and gives a hypothesis by
incorporating the analysis of literature and intuition. Next, the paper suggests the datasets, considering
validity and reliability, and identifies controlling variables including GDP, democracy index and
educational outputs. Finally, the paper raises a regression model and discusses the findings from the
ordinary least square (OLS) test.

2. Literature Review

This part identifies the theoretical definition of happiness and corruption and reviews the development
of academic literature not only on these factors themselves but also on possible relations between
them.

2.1. Defining Happiness

Happiness can be measured by many metrics, encompassing multiple evaluations of one's life,
including positive and negative aspects [5]. These evaluations might be either long-term or short-
term. For instance, an individual can assess their subjective well-being based on the frequency of
their happiness or negative emotions such as sorrow or fury in a short amount of time. Otherwise,
subjective well-being can also be assessed by one’s long-time evaluation of their life.

Notice that this essay uses the term “life satisfaction” interchangeably with “happiness”, as Bok
suggests the similarity of results when using two different words [6]. While some short-term research
on subjective well-being tends to observe recent or current emotions of the participants, happiness
serves as a long-term measure to reflect how people evaluate their overall lives regarding their
personal goals or aspirations [5]. Therefore, this approach is more comprehensive and holistic.

2.2. Development of Happiness Study

The study on happiness boomed after the 1970s and the early studies intensively explored its
relationship with economic factors [6]. Much research explains that economic development
influences the standard of living, which is important in affecting happiness. The research suggests a
strong positive correlation between the level of happiness and the national economy at a global level
[7, 8]. Similarly, another famous study conveys the research at the domestic level, proving the positive
correlation between personal income and hapiness in the U.S. (see Table 1 below) and most countries
in the European Union [9].

Table 1: Levels of Satisfaction by Income Quartiles [10].

TOP SECOND THIRD BOTTOM
QUARTER QUARTER QUARTER QUARTER
VERY HAPPY 40.78% 34.8% 29.46% 24.07%
PRETTY 53.14% 56.22% 58.02% 56.04%
HAPPY
NOT TOO 6.08% 8.98% 12.52% 19.88%

HAPPY
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Nevertheless, Easterlin’s research contradicts the main strand of the study, proposing that there is
no great difference in happiness between poor and rich countries [11]. He raises the “comparison
theory” to explain that individual assessment of life is not the absolute value of income but contingent
upon the “consumption norm”. Therefore, there should be an equal percentage of unhappy and happy
people. Easterlin’s argument provides new insights into relations between material affluence and
happiness, although his research is constantly challenged by other scholars, including Oswald who
question the robustness and validity of his data [12].

The second strand of literature stresses on cultural approach or “cultural theory”. Inkeles highlights
the importance of “culture” and “creeds” in affecting the national level of happiness [13]. Different
from “comparison theory”, Inglehart acknowledges the potential for national variations in happiness,
which results from collective and cognitive cultural norms [14]. However, both “comparison theory”
and “cultural theory” reject that objective conditions have a substantial influence on variations in
happiness. Both scenarios also neglect the role of politics. In the perspective of “comparison theory”,
political outcome would just change the standard of consumption without affecting overall happiness;
in “cultural theory”, political factors are ineffective in altering deeply ingrained cultural norms.

The third strand of literature gives more discussion on the relations between politics and happiness,
which develops based on “liveability theory”. The theory supposes that physical that the more
objective needs are satisfied, the happier people would be [15, 16]. In other words, life quality decides
happiness. Veenhoven proves that individuals feel happier in communities that effectively meet the
requirements of people [17]. The role of government is highlighted because happiness will vary based
on the success of public policies in meeting populations’ needs. More recent research by Frey and
Stutzer proves that the type of political system has an impact on their national level of happiness [18].

However, the literature on “liveability theory” has limitations. First, they mostly rely on
rudimentary statistical methods, especially correlations. This paper will take one step further to do
the OLS regression test beyond investigating correlations. Second, when considering economic
advancement, the evidence that supports “liveability theory” becomes less persuasive [19, 20]. This
echoes with Easterlin’s argument [11]. Therefore, this paper needs to consider economic performance
as an important confounding variable.

2.3. Defining Corruption

Corruption is defined as misusing public authority for personal benefits, and it has various forms [21].
Firstly, corruption can exist in the process of policymaking, where the policymakers use their power
to make political decisions favourable to certain interest groups. Second, corruption can also be
observed in bureaucracy, where bureaucrats may use their authority for personal gain. Third,
corruption can be found among legislators, whose voting decisions may be influenced by self-interest
and sponsors. Corruption is influenced by various factors, including the advantages gained from
corrupt practices, the value of economic privileges, the implementation of penalties and deterrents,
the efficiency of political institutions, the presence of fair wages and lawful income, and societal
norms [22].

There are two prevailing strands of literature on corruption. The first one focuses on the effects of
corruption on the economic performance of developing countries. This includes its impact on
bureaucratic efficiency, project selection, resource allocation, and more [23, 24]. The second body of
work examines the welfare implications of corruption [25]. This paper will contribute to the latter
strand of the literature, which is less discussed and needs more research.
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2.4. Causal Relationship

The correlation between corruption and happiness is widely acknowledged. According to Ott, there
is an independent association between technical quality and happiness in the political realm,
regardless of cultural and national differences [26]. Nevertheless, the direction (positive/negative) of
that influence is still unclear.

Some literature, particularly by liberal economists, hypothesised that corruption had a beneficial
impact on happiness. Dreher & Gassebner contended that corruption diminishes the bureaucratic
barriers and regulations associated with entrepreneurship, hence simplifying the process of
establishing a business and enhancing its efficiency [27]. Paleologou’s analysis suggests that
corruption can foster economic growth by prevailing over institutional inefficiencies through specific
processes, thus enhancing people's happiness [4].

However, more scholars believe in the negative effects of corruption. First, citizens lose trust in
government when they see corrupt officials [28]. Later research indicates that having confidence in
others contributes to increased happiness [29]. Second, corruption reduces investment, which slows
down the economy and has a detrimental effect on happiness [30]. Third, corruption worsens the
income inequality [31]. The following research proves that economic inequality directly decreases
happiness [32]. Finally, corruption distorts the allocation of government funds by reducing allocations
to the education sector and increasing allocations to the military sector [33, 34].

2.5. Hypothesis

This paper corresponds with the second strand of the literature in the above section, hypothesizing
that the lower the level of corruption, the higher the level of happiness, and vice versa. Notably, the
paper needs to control many other variables, as other literature argues for the influence of other factors
on happiness.

3.  Methodology

This study will use aggregate national indicator of 133 countries in the world, trying to give a holistic
view of the happiness-corruption relationship internationally. This study would have attempted to
find data that covers most of the countries in the world. However, due to conflict, poverty, and
turbulence, etc., data of many countries, mostly undeveloped nations, are missing.

3.1. OLS Test in Stata and Theorised Model

Stata will be used to managing and analysing the large datasets, as it is known for its statistical
accuracy and reliability. Ordinary least squares (OLS) test will be used in this paper, with a proposed
model below.

Hapiness = a + b X Corruption + u (1)

Where: a is constant, b is regression coefficient, ¢ is unsystematic error.
3.2. Dataset

The dataset and resource of dependent variables, independent variables, and other controlling
variables will be discussed below.
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3.2.1.Dependent Variables

National indicator is comprehensive and integrated to inform policymaking [35]. Therefore, the paper
uses the Happiness Index (HPI) from the World Happiness Report 2023. The report is produced by
the United Nations Sustainable Development Solutions Network and uses data from the Gallup World
Poll. It looks at the average “life evaluation” score for each country. Around 1,000 participants in
every nation were surveyed to assess their overall life using a scale of 0 to 10.

The World Happiness Report has high face validity, as it measures self-reported happiness, which
aligns with the definition of happiness raised by Diener [5]. Conducting cross-national and macro-
level analysis might circumvent the issues of sampling bias that can happen in micro-level analysis
which only selects a small sample. Although some scholars prefer deconstructing aggregate indicators
of happiness and applying multilevel analysis of the local, regional, and communal aspects, the
process is laborious and time-consuming [19].

The resource is reliable that researcher of the report comes from the SDSN. It is a global initiative
created by the United Nations, so the paper assumes the data are credible and reliable. Also, the
primary data source, the Gallup World Poll, uses a consistent survey methodology across countries,
which helps ensure reliability.

3.2.2.Independent variables

It is difficult to create scientific and objective measurements of corruption since, in most cases, it
entails unlawful and intentionally hidden behaviours that are only revealed through scandals or legal
action. This paper will utilise the data from the Corruption Perceptions Index 2023 (CPI) compiled
by Transparency International, an organisation that is also a member of the SDSN. The metric
assesses the extent to which professionals and businesspeople perceive corruption within the public
sector of each country. Perceived corruption increases as the score decreases. The Corruption
Perceptions Index (CPI) is a measure developed by Transparency International to assess levels of
corruption.

The resource has high validity. Each country’s score is derived by aggregating data from at least
three data sources obtained from 13 distinct corruption surveys and evaluations. This approach
provides a more comprehensive understanding of the situation compared to relying on a single index.
Some people criticized CPI for not measuring actual corruption directly, which harms its content
validity since perceptions might not align with reality. However, perceptions are crucial because they
can influence investment, governance, and public trust, which are integral to the impact of corruption.

The resource is reliable that Transparency International uses a consistent methodology for
compiling the index each year. Data from several reliable organisations, such as the World Bank and
the World Economic Forum, are compiled to create these data sources.

3.3. Controlling Variables

The paper will control 3 additional variables beyond the given independent variables, hopefully
mitigating the omitted-variable bias. While there may be additional factors that influence happiness,
these are the most crucial and concerning ones.

The democracy index, another facet of governance, has been extensively associated with happiness,
because it represents the freedom of political participation and the involvement in decision-making
processes [19]. Hence, this paper will include the Freedom House Index (FHI) in the model. Freedom
House index is an integrated measurement of political rights and civil liberties, which are important
sub-factors of democracy.

Otherwise, as the literature debating on “comparison theory”, economic factors will be considered
as an essential confounding variable. Hence, we incorporate GDP per capita (referred to as GDP
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below) provided by the World Bank into our model. The World Bank uses standardized definitions
and methodologies that align with international conventions, such as those provided by the United
Nations, which ensures the data accurately reflects economic activity. The data is designed to be
comparable across countries, making it a valuable tool for cross-national studies.

Following Mauro’s point that corruption leads to decreasing happiness, this paper controls
education in the model. This paper follows Chakravarthi’s method of calculating the education index
(EDI): first collects cross-national statistics of “expected years of schooling” and “mean years of

schooling” from United Nations Development Programmes (UNDP), and then uses the formulation
countries, particularly when considering the quantity of education (years of schooling). Its reliability
is supported by consistent collection methods, regular updates, and transparency in its methodology.

Therefore, the final version of the theorised model will be:

HPI = a + b1 x CPI + b2 x FHI + b3 x EDI + b4 X GDP + p )

)/2” to get the EDI [36]. The Index is valid for comparing educational attainment across

Where: a is constant, b is regression coefficient; y is unsystematic error
4. Findings and Analysis

This part starts by solely considering relationship between CPI and HPI, and then controlling
variables will be added into the model one by one to see the change of the key statistics.

4.1. Bivariate Relationship between CPI and HPI

Before doing the regression test, the research first runs a correlation test (see Table 2).

Table 2: correlation coefficient

HPI CPI
HPI | 1.000
CPI |  0.6861 1.000

Then a scatterplot is drawn between CPI and HPI (see Figure 1) to have a preview of the data.

Scatterplot of CPI and HPI

HPI

T T T T

T
20 40 60 80 100
CPI

Figure 1: HPI vs CPI Scatterplot with a line of best fit.
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The results show a strong positive relationship between HPI and CPI (r=0.6861). Then, the OLS
regression starts by only testing CPI in the model (see Table 3).

Table 3: Regression test result between CPI and HPI

CPI1
P-value 0.000
Prob >F 0.000
t-value 11.23
b 0.0419365
coefficient
beta 0.6976439
R? 0.4867

4.1.1.Interpretation

CPlI is a significant predictor of HPI. First, the p-value for the CPI coefficient is 0.000, meaning that
it is statistically significant at any conventional level (e.g., 1%, 5%, 10%). This suggests that the result
of relationship between CPI and HPI is unlikely detected by chance. Besides, the p-value associated
with the F-statistic is 0.0000 indicating that the model is statistically significant at the 1% level.
Finally, a t-value of 11.23 is very large.

The result reapproves the strong positive relationship between CPI and HPI, and the explanatory
power of CPI on HPI is quite high. First, for every one-unit increase in CPI, the HPI is expected to
positively increase by about 0.042 units, holding all else constant. Second, a beta of 0.6976439
suggests that for one standard deviation increase in CPI, the HPI is expected to increase by
approximately 0.698 standard deviations, holding other factors constant. Third, approximately
48.67% of the variance in HPI can be explained by CPI.

4.2. Adding Controls

The OLS test continues by adding other controlling variables into the model to see their effect on the
relationship between HPI and CPI. The focus will be on standardized beta value, as it allows for
comparison between the effects of different predictors.

4.2.1.Adding FHI

FHI is added into the model first (see Table 4).

Table 4: The result of controlling FHI.

CPI FHI
P-value 0.000 0.074
Prob >F 0.000
t-value 6.59 1.8
b 0.035046 0.0062793

coefficient
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Table 4: (continued).

beta 0.6976439 0.1596262
R? 0.4990

CPI remains a significant predictor of HPI. The positive coefficient and high beta value indicate
that CPI still has a strong positive relationship with HPI, meaning that as CPI increases, HPI also
tends to increase. FHI is not statistically significant at the 5% level (p-value > 0.05) but is close to
being significant at the 10% level. The positive coefficient and beta suggest that there is a potential
positive relationship between FHI and HPI, although this relationship is weaker compared to CPI.

Regarding the whole model, approximately 49.90% of the variance in HPI is explained by the
model, which includes both CPI and FHI. This is a slight improvement from the previous model that
only included CPI. Otherwise, the overall F-test is significant (Prob > F = 0.0000), indicating that the
model is statistically significant in explaining the variance in HPIL.

4.2.2. Adding EDI

EDI is then added into the model (see Table 5).

Table 5: The result of controlling EDI.

CPI FHI EDI
P-value 0.004 0.238 0.000
Prob>F 0.000
t-value 2.94 1.19 6.76
b 0.0159334 0.0036053 3.161026
coefficient
beta 0.2648933 0.0915788 0.517867
R? 0.6303

First, CPI remains a significant predictor of HPI. However, its influence has decreased compared
to previous models (as indicated by the lower coefficient and beta). The positive relationship still
holds, meaning that as CPI increases, HPI tends to increase. Second, FHI is not statistically significant
(p-value > 0.05), indicating that it does not have a strong or significant impact on HPI in this model.
Its beta value is also relatively low, suggesting a weaker relationship with HPI. Third, EDI is a
significant predictor of HPI with the highest beta value, suggesting that this new variable is an
important factor in predicting HPI. The low p-value suggests the result is statistically significant and
unlikely detected by chance.

Regarding the whole model, approximately 63.03% of the variance in HPI is explained by the
model, which includes CPI, HPI, and EDI. This represents a significant improvement in model fit
compared to previous models, proving the importance of education in predicting happiness.
Otherwise, the overall F-test is significant (Prob > F = 0.0000), confirming that the model is
statistically significant in explaining the variance in HPI.
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4.2.3.GDP

Finally, GDP is added into the model (see Table 6).

Table 6: The result of controlling EDI.

CPI FHI EDI GDP
P-value 0.928 0.093 0.000 0.001
Prob>F 0.000
t-value 0.09 1.69 6.03 3.34
b 0.000631 0.0049998 2.793905 0.0147132
coefficient
beta 0.01049 0.1270023 0.457722 0.325025
R? 0.66

First, CPI is no longer a significant predictor of HPI after adding GDP to the model. The p-value
is very high, indicating that the weak relationship between CPI and HPI is likely detected by chance.
CPI has almost no explanatory power in this context. The beta value is also very low, suggesting a
negligible relationship with HPI. Second, FHI is marginally significant, with a p-value close to 0.05.
The beta value indicates a relatively weak relationship with HPI, but it still has some relevance in the
model. Third, EDI remains a highly significant predictor of HPI. The large coefficient and beta value
indicate a strong positive relationship, like previous models. Finally, GDP is a significant predictor
of HPI. The positive coefficient suggests that as GDP increases, HPI also tends to increase. It has the
highest beta value in the model, indicating its importance and strong explanatory power in predicting
happiness. It can be assumed that a large part of the explanatory power of CPI in the previous model
is associated with the variations in GDP. This may cause the problem of multicollinearity, which will
be diagnosed in the paper later.

Regarding the whole model, approximately 66.00% of the variance in HPI is explained by the
model, which now includes CPI, FHI, EDI, and GDP. This shows a further improvement in model fit
compared to previous models. Otherwise, the overall F-test is significant (Prob > F = 0.0000),
confirming that the model is statistically significant in explaining the variance in HPI.

4.3. Postdiagnosis

In this section, the paper will do postdiagnosis to identify the potential issue of the chosen variables
and model. Multicollinearity, mean independence, and homoscedasticity will be discussed.

4.3.1. Multicollinearity of Variables

The variance inflation factor (VIF) test is run to test if the variables are highly correlated (see Table
7).
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Table 7: VIF Test on CPI, GDP, EDI, and FHI.

VIF
CPI 5.02
GDP 3.56
EDI 2.17
FHI 2.12
Mean VIF 3.22

While the VIF for CPI is slightly above 5, it doesn’t reach a level that typically requires corrective
action (e.g., removing variables, combining variables, or using techniques like ridge regression). The
other variables are in acceptable ranges that are smaller than 5. The model appears to be stable, with
no severe multicollinearity that would undermine the reliability of the coefficient estimates. However,
the high VIFs of CPI and GDP show that they are highly correlated, which explains the statistical
insignificance of CPI and the substantial fall of beta when GDP is included in the model.

4.3.2.Mean Independence and Homoscedasticity

The residuals-versus-predictor plot and residuals-versus-fitted values plot are made (see Figure 2 and
3).
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Figure 2: Residuals vs. CPI.
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Figure 3: Residual vs. fitted values.

Mean independence is crucial when considering whether an explanatory variable in a regression
model can be treated as exogenous. In both graphs, the residuals show little change when CPI moves,
apart from a few outliers in the lower left corner. Therefore, the CPI is independent of the error term,
which suggests that the variable is exogenous and does not suffer from endogeneity.

To meet the assumption of homoscedasticity, the residuals should be normally distributed and have
the same variance at each level of the CPI. Both graphs show that the model is well-fitted. Thus, the
assumption of homoscedasticity is satisfied.

5. Conclusion

This paper does a cross-national study on how corruption impacts happiness. Scholars generally agree
that corruption affects happiness, as shown in the research review. However, the direction of causal
relations is debatable. To solve this puzzle, this essay conducts an OLS test on the two variables and
controls other relevant variables. The hypothesis of this paper that corruption has negative result on
happiness is supported at the first stage by the test result, which persists after controlling the
democracy and education index. However, CPI becomes statistically insignificant after taking GDP
into account. The test result can be explained as follows. First, it can be the result of measurement
error in methodology. Nevertheless, we are sceptical of this explanation because the p-value is so
high (0.928). Second, there can be a spurious relationship between happiness and corruption.
However, the literature review by scholars have widely acknowledged the causal relationship between
the two variables. The last explanation is more convincing in this context: GDP serves as an
intervening variable between happiness and corruption. It corresponds with the high correlation the
VIF test results show. Otherwise, a large amount of study on corruption centers around economy,
such as its effect on decreasing investment and income inequality. This paper may have limitations.
First, due to the time and space limit, this paper cannot delve into the intricate relationship between
variables, particularly GDP and CPI. Second, the dataset of this study focuses on a relatively short
time performance of 2022-2023. However, the analysis of this paper serves as an initial exploration
into these dynamics, offering foundational insights that can be expanded upon in future research. For
instance, the problem of multicollinearity can be mitigated by recoding and combining variables GDP
and CPI. To get a more holistic view of the issue, later research can use datasets with longer time
spans based on the methodology of this paper. Researchers and policymakers can build on these
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findings to further understand the factors driving happiness, ultimately contributing to more informed
decision-making on anti-corruption campaigns and promoting happiness.
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