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Abstract: With the rapid rise in housing prices in China, young people face increasing 

financial pressure, especially when it comes to purchasing homes and establishing families. 

As a result, an increasing number of individuals are choosing to delay or forego marriage 

altogether. This study investigates the impact of real estate prices on marriage rates, based on 

provincial panel data in China from 2005 to 2022. By employing various regression models, 

including log-linear and polynomial regression models, the study analyzes the dynamic 

relationship between housing prices and marriage rates. Several control variables—such as 

per capita GDP, divorce rates, birth rates, and education levels—are incorporated to enhance 

the explanatory power and robustness of the results. Findings show that rising housing prices 

significantly suppress marriage rates, particularly in economically disadvantaged areas or 

regions with high price volatility. Specifically, a 1% increase in housing prices is associated 

with an average 0.36% decrease in the marriage rate. This research not only provides a new 

perspective on the relationship between housing prices and marriage rates but also serves as 

an important reference for policymakers. It suggests that government policies on real estate 

and population should consider the potential impact of housing prices on social structure and 

marital stability. 

Keywords: Regression Analysis of Multivariate Panel Data, China's Housing Prices, Divorce 

Rates, Optimization Models. 

1. Introduction 

China’s soaring housing prices in recent decades have significantly influenced the socioeconomic 

landscape, making it increasingly difficult for young adults to purchase homes and form families. As 

housing affordability declines, many are delaying or opting out of marriage. While previous research 

has explored factors such as economic stability and social attitudes affecting marriage rates, fewer 

studies have examined the long-term impact of rising housing costs within China’s unique 

socioeconomic context, highlighting a critical research gap.This study investigates the effect of 

housing prices on marriage rates in China using provincial panel data from 2005 to 2022. By 

employing regression models and incorporating control variables such as per capita GDP, divorce 

rates, and birth rates, the study seeks to provide robust insights into the dynamic relationship between 

housing costs and marriage decisions. 
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The research offers valuable insights for policymakers, emphasizing the need to address the 

societal impact of rising housing prices. By understanding their influence on marriage trends, targeted 

policies in real estate and social welfare can be developed to reduce financial pressures, support 

family formation, and promote long-term social and economic stability. 

2. Literature Review 

Existing literature extensively explores the relationship between housing prices and marriage rates 

but reveals notable gaps. Many studies, such as those based on Becker’s family economics theory , 

focus on theoretical frameworks without sufficient empirical support[1]. Research by Hong Caini and 

Zheng Yiping examines housing price impacts on marriage using older or region-specific data, 

limiting broader applicability[2][3]. Additionally, most studies emphasize short-term price 

fluctuations, neglecting the long-term effects of rising housing prices on trends in marriage and family 

planning. While Yi Junjian and Liu Xiaoting have linked housing prices to fertility rates, empirical 

evidence on their influence on marriage decisions remains limited[4][5]. 

Recent work by Lin Juan and Wei Jiamin uses provincial panel data to investigate the relationship 

between housing prices and first marriage rates from 2010 to 2016. While their study provides 

valuable insights and robust statistical significance for factors like birth rate and per capita GDP, it is 

limited by its timeframe and neglects critical variables, such as the proportion of the marriageable 

population and the gender ratio[6]. 

Building on this foundation, the present study incorporates a panel data regression model with 

individual and time-fixed effects to control for unobserved heterogeneity. Additionally, it establishes 

a nonlinear relationship between housing price fluctuations and marriage rates through a polynomial 

regression model, providing a more precise and comprehensive understanding[7]. These 

contributions enhance theoretical and empirical perspectives, offering actionable insights for housing 

and population policy development[8]. 

3. Data and Methodology 

3.1. Variable Selection 

This study have selected multiple economic and social variables to explore their impact on marriage 

rates. Specifically, marriage rate is chosen as the dependent variable, while average housing sales 

price is selected as the primary explanatory variable. Additionally, birth rate, divorce rate, per capita 

GDP, CPI, average education level of individuals aged 6 and above, population proportion of young 

and middle-aged adults (aged 20-49), and the absolute deviation of the sex ratio from the normal 

value of 105 are chosen as control variables. The following table1 provides statistics for each of these 

variables: 

Table 1: Introduction of different variable codes 

Variables Meaning Unit 
Changing 

direction(predicted) 

M_Rate Marriage Rate % - 

HP Housing Price  - 

D_Rate Divorce Rate % - 

B_Rate Birth Rate % + 

CPI Consumer Price Index  - 

EdY6 Education Years Over 6 year - 

EPR Eligible Population Ratio % + 
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GRD Gender Ratio Deviation  - 

PC_GDP Per Capita GDP RMB + 
Note: In the predicted direction of change, "+" indicates that as the variable increases, the marriage rate also increases; 
"-" indicates that as the variable increases, the marriage rate decreases. 

3.2. Data Sources 

The  data used in this study are sourced from the "China Statistical Yearbook," the "China Population 

Census Yearbook," as well as bulletins and statistical data released by the National Bureau of 

Statistics and the Ministry of Civil Affairs. These data cover nationwide information on housing 

prices, marriage rates, divorce rates, birth rates, and other economic and social indicators from 2005 

to 2022. The "China Statistical Yearbook" and the "China Population Census Yearbook" provide our 

research with official and meticulously calculated population and economic data, ensuring the 

authority and accuracy of the data. Bulletins from the National Bureau of Statistics and the Ministry 

of Civil Affairs further provide the latest statistical data on various socioeconomic activities, 

including residents' income, consumption levels, price indices, and educational status, providing a 

solid data foundation for analyzing the relationship between housing prices and marriage rates[9]. 

 Marriage Rate =
Newly Married×2

Population
Last year

+Population
This year

× 100% (1) 

Since the marriage rate (dependent variable) and the average education level of individuals aged 

6 and above (control variable) cannot be directly obtained from raw data, this study can indirectly 

calculate them using the following formulas, based on the number of marriage registrations, the 

population at the beginning and end of the year, and the number of individuals who have never 

attended school, only attended primary school, attended junior high school, attended high school, as 

well as those with college, undergraduate, and graduate degrees. 

 Average Years of Education =

+

Primary Population×6+Middle Population×9

(High Population+Vocational Population)×12

+College Population×16

Total Population 
 (2) 

The calculation of the marriage rate standardizes the number of first marriages each year to the 

total population in the same age group. Specifically, it is calculated by multiplying the number of first 

marriages within the year by 2 (since a marriage involves two individuals) and then dividing by the 

total unmarried and married population within the same age bracket. Regarding the age ranges 

considered for different time periods, data from 2005 to 2014 include populations aged 6-9 and 12-

16, while data from 2015 to 2022 cover populations aged 6-9 and 12-19. This distinction arises due 

to potential changes in the scope and standards of statistical data collection over time. 

4. Empirical Result 

4.1. Descriptive statistics 

4.1.1. Correlation Analysis 

There is a clear negative correlation between housing prices and marriage rates, suggesting that rising 

housing prices may suppress marriage rates, supporting the idea that higher housing costs increase 

marriage expenses for young people. The divorce rate also shows a negative correlation with marriage 

rates, indicating that marriage instability may reduce confidence in marriage. 

Table 1: (continued). 
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Birth rates and marriage rates display a positive correlation, implying that regions with higher birth 

rates tend to have higher marriage rates. The consumer price index (CPI) appears negatively 

correlated with marriage rates, suggesting that rising living costs may delay marriage. Higher 

education levels also show a negative correlation with marriage rates, indicating that more education 

may delay marriage decisions. Additionally, the proportion of young adults is positively correlated 

with marriage rates, while gender imbalance negatively correlates with marriage rates. 

These findings align with theoretical expectations and support further quantitative analysis. 

 

Figure 1: Matrix scatter plot of variable correlation  

4.1.2. Descriptive Statistics  

The average marriage rate is 7.995 with a standard deviation of 2.044, indicating regional differences. 

The skewness is 0.236,  

and kurtosis is 3.104, suggesting a slightly right-skewed but nearly normal distribution. 

The average housing price is 6542.793 yuan, with a high standard deviation of 5301.94 and a 

maximum of 40526 yuan, indicating large price fluctuations. The skewness of 3.154 and kurtosis of 

16.063 show an extremely right-skewed distribution. 

The average divorce rate is 2.403, with a balanced distribution. Birth rates average 10.934, with 

near-symmetry in distribution (skewness -0.19). CPI has a slight right skew (0.793), and education 

years average 8.775, showing a left-skewed distribution. 

The proportion of marriageable population averages 72.744, while the gender ratio deviation 

shows serious imbalances in some regions. The per capita GDP averages 45957.24 yuan, with a 

highly right-skewed distribution. 

Table 2: Descriptive statistics of each variable 

Variables Obv Mean Sdv Min Max Skewness Kurtosis 

M_Rate 527 7.995463 2.04434 2.139037 15.12767 0.2356554 3.104476 

HP 527 6542.793 5301.94 1528.675 40526 3.153695 16.06289 

D_Rate 527 2.403276 1.031232 0.3565062 5.189979 0.526211 2.726974 

B_Rate 527 10.93442 2.960595 3.34 17.94 -0.190447 2.229395 

CPI 527 102.5536 1.739752 97.6538 110.0865 0.7932199 4.177702 
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EdY6 527 8.775226 1.226512 3.738414 12.782 -0.3779146 5.859526 

EPR 527 72.74413 3.8296 63.37677 83.84523 0.1752162 2.620785 

GRD 527 3.098021 2.593365 0.01 18.17 1.761566 7.461716 

PC_GDP 527 45957.24 29673.2 5051.96 183980 1.413073 5.684241 

4.2. Heteroscedasticity Test 

In order to initially assess whether the heteroskedastic robust form of standard deviation is needed in 

the subsequent regression model, we conducted a heteroskedasticity test in the regression of marriage 

rates on housing prices, and the results are as follows(see table 3): 

White's test for Ho: homoskedasticity 

   against Ha: unrestricted heteroskedasticity 

chi2(2)      =     13.13 

Prob > chi2   =    0.0014 

Table 3: Cameron & Trivedi's decomposition of  IM-test 

Source chi2 df p-value 

Heteroskedasticity 13.13 2 0.0014 

Skewness 3.24 1 0.0717 

kurtosis 2.57 1 0.1090 

Total 18.94 4 0.0008 

 

According to White's test, the test statistic follows a chi-squared distribution with 2 degrees of 

freedom (12.63), and the corresponding p-value is 0.0014, which is much smaller than the commonly 

used significance level of 0.05. This result rejects the null hypothesis of constant residual variance, 

indicating the presence of heteroscedasticity in the model, meaning that the residual variance changes 

with the explanatory variables. 

4.3. Regression Analysis 

4.3.1. Linear model 

First, a linear model was used to analyze the impact of housing prices on marriage rates. In Model 1, 

the results showed that for every unit increase in housing prices, the marriage rate significantly 

decreased (coefficient = -0.000***), but the model's goodness of fit was low (7.7%), indicating the 

presence of omitted variables. After adding per capita GDP in Model 2, although per capita GDP also 

had a negative impact on marriage rates, the effect of housing prices remained significant. Model 3 

introduced divorce rates, indicating a significant positive correlation between increasing divorce rates 

and marriage rates, possibly because remarriage offsets the negative effects of housing prices. 

Table 4: Regression analysis results of linear model 

 (1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES M_Rate M_Rate M_Rate M_Rate M_Rate M_Rate M_Rate M_Rate 

HP 
-0.000*** -0.000* 0 0 0 -0.000*** -0.000*** -0.000*** 

0 0 0 0 0 0 0 0 

PC_GDP 
 -0.000** -0.000*** -0.000*** -0.000*** -0.000*** -0.000*** -0.000*** 

 0 0 0 0 0 0 0 

D_Rate 
  0.571*** 0.743*** 0.746*** 0.549*** 0.586*** 0.582*** 

  -0.092 -0.078 -0.078 -0.07 -0.069 -0.069 

Table 2: (continued). 
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B_Rate 
   0.238*** 0.238*** 0.354*** 0.385*** 0.383*** 

   -0.03 -0.03 -0.03 -0.029 -0.029 

CPI 
    0.043 0.035 0.004 0.005 

    -0.052 -0.046 -0.046 -0.046 

EdY6 
     0.900*** 0.764*** 0.750*** 

     -0.13 -0.145 -0.144 

EPR 
      0.096*** 0.097*** 

      -0.018 -0.018 

GRD 
       -0.024 

       -0.03 

Constant 
8.697*** 8.867*** 7.881*** 4.453*** 0.033 -7.052 -10.140** -10.153** 

-0.134 -0.18 -0.254 -0.409 -5.357 -4.811 -4.66 -4.687 

Observations 527 527 527 527 527 527 527 527 

R-squared 0.077 0.085 0.151 0.237 0.239 0.338 0.361 0.362 

Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 

 

After including birth rates in Model 4, the model's explanatory power increased to 23.7%, with 

birth rates positively correlated with marriage rates. Models 5 and 6 added CPI and education level, 

with education level significantly increasing marriage rates (coefficient = 0.900***), and the model's 

goodness of fit reached 33.8%. Models 7 and 8 introduced the proportion of eligible populations and 

the deviation in gender ratio, with the proportion of eligible populations significantly enhancing 

marriage rates.  

Ultimately, the explanatory power of Model 8 was superior to that of other models (R-squared = 

36.2%), but the coefficients for CPI and the deviation in gender ratio were not significant. Therefore, 

by comparing Models 7, 8, and subsequent models that eliminated non-significant variables, Model 

10 was determined to be the optimal linear regression model(see table5). 

Table 5: Comparison of three Models regression results 

 (8) (7) (9) (10) 

VARIABLES M_Rate M_Rate M_Rate M_Rate 

HP 
-0.000*** -0.000*** -0.000*** -0.000*** 

(0.000) (0.000) (0.000) (0.000) 

PC_GDP 
-0.000*** -0.000*** -0.000*** -0.000*** 

(0.000) (0.000) · (0.000) 

D_Rate 
0.582*** 0.586*** 0.582*** 0.586*** 

(0.069) (0.069) (0.069) (0.069) 

B_Rate 
0.383*** 0.385*** 0.383*** 0.386*** 

(0.029) (0.029) (0.029) (0.029) 

CPI 
0.005 0.004   

(0.046) (0.046)   

EdY6 
0.750*** 0.764*** 0.750*** 0.763*** 

(0.144) (0.145) (0.144) (0.145) 

EPR 
0.097*** 0.096*** 0.098*** 0.096*** 

(0.018) (0.018) (0.018) (0.018) 

GRD 
-0.024  -0.024  

(0.030)  (0.030)  

Constant 
-10.153** -10.140** -9.644*** -9.705*** 

(4.687) (4.660) (1.362) (1.366) 

Observations 527 527 527 527 

R-squared 0.362 0.361 0.362 0.361 
Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 

Table 4: (continued). 
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4.3.2. Nonlinear Model 

In the analysis of nonlinear models, taking the logarithm of housing prices addresses the issue of 

underestimated coefficient estimates in the original model. The linear-logarithmic model effectively 

optimized this problem in the 11th regression. Models 12 and 13 are the logarithmic-linear model and 

the double-logarithmic model, respectively, both significant, but for the sake of simplifying the 

analysis, the linear-logarithmic model was selected. Model 14 introduces a polynomial of the 

logarithm of housing prices (squared and cubic terms), with coefficients for the first, second, and 

third terms being 241.057***, -26.282***, and 0.948***, significantly enhancing the model's 

goodness of fit to 47.4% (compared to 38.7% for model 13). Models 15-19 add interaction terms to 

the linear-logarithmic model.  

Model 15's "ln housing price_per capita GDP" explores the interactive effects of housing prices 

and economic levels; model 16's "ln housing price_divorce rate" analyzes the suppressive effect of 

high housing prices on marriage rates in the context of high divorce rates; model 17's "ln housing 

price_birth rate" reflects that high birth rate areas may encourage family formation even at high 

housing prices;  

Model 18's "ln housing price_years of education for those over six" investigates the mitigating 

effect of education levels on housing prices[10]; and model 19's "ln housing price_ratio of 

marriageable population" shows that under high ratios of marriageable population, high housing 

prices suppress marriage rates[11]. The regression results for interaction terms indicate that the 

interaction terms "ln housing price_divorce rate" (-0.585***) and "ln housing price_years of 

education for those over six" (-0.736***) in models 16 and 18 are significant at the 1% level, while 

other interaction terms are not significant. The 20th regression integrates these two significant 

interaction terms, and the joint hypothesis test (F = 28.12) is significant, indicating that both are non-

zero; therefore, model 20 is selected as the optimal nonlinear regression model. 

Table 6: Regression analysis results of nonlinear model 

  (11) (12) (13) (14) (15) (16) (17) (18) (19) (20) 

VARIABLE M_Rate lnM_Rate lnM_Rate M_Rate M_Rate M_Rate M_Rate M_Rate M_Rate M_Rate 

lnHP 
0.830***  0.101*** 241.057*** 217.354*** 226.897*** 242.299*** 282.602*** 245.801*** 266.337*** 

(0.279)  (0.036) (28.330) (33.724) (28.919) (28.620) (28.036) (29.669) (28.921) 

lnHP_ 

Square 

   -26.282*** -23.188*** -24.811*** -26.617*** -31.387*** -26.978*** -29.539*** 

   (3.181) (3.991) (3.253) (3.214) (3.162) (3.393) (3.267) 

lnHP_Cube 
   0.948*** 0.814*** 0.904*** 0.965*** 1.186*** 0.972*** 1.113*** 

   (0.119) (0.158) (0.121) (0.120) (0.120) (0.126) (0.124) 

PC_ 

GDP 

-0.000*** -0.000*** -0.000*** -0.000*** -0.000 -0.000*** -0.000*** -0.000*** -0.000*** -0.000*** 

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

D_Rate 
0.648*** 0.078*** 0.089*** 0.424*** 0.436*** 5.442*** 0.422*** 0.418*** 0.424*** 3.230*** 

(0.068) (0.009) (0.009) (0.067) (0.067) (0.829) (0.068) (0.065) (0.068) (0.876) 

B_Rate 
0.359*** 0.050*** 0.046*** 0.364*** 0.369*** 0.355*** -0.179 0.363*** 0.358*** 0.358*** 

(0.027) (0.004) (0.004) (0.028) (0.028) (0.027) (0.379) (0.027) (0.030) (0.027) 

EdY6 
0.630*** 0.123*** 0.102*** 0.698*** 0.718*** 0.656*** 0.691*** 6.921*** 0.690*** 5.649*** 

(0.140) (0.025) (0.024) (0.138) (0.141) (0.127) (0.133) (0.971) (0.139) (1.070) 

EPR 
0.098*** 0.014*** 0.014*** 0.095*** 0.101*** 0.084*** 0.089*** 0.100*** -0.126 0.093*** 

(0.019) (0.003) (0.003) (0.018) (0.018) (0.018) (0.019) (0.017) (0.215) (0.017) 

HP 
 -0.000***         

 (0.000)         

lnHP_PC_GDP 
    0.000      

    (0.000)      

lnHP_D_Rate 
     -0.585***    -0.328*** 

     (0.097)    (0.102) 

lnHP_B_Rate 
      0.063    

      (0.044)    

lnHP_ 

EdY6 

       -0.736***  -0.588*** 

       (0.112)  (0.124) 

lnHP_ 

EPR 

        0.025  

        (0.025)  

Constant 
-14.994*** -0.523*** -1.129*** -740.468*** -680.554*** -698.053*** -736.729*** -870.724*** -744.717*** -820.838*** 

(2.498) (0.197) (0.330) (83.589) (95.277) (85.168) (84.625) (82.867) (84.748) (85.436) 

Observations 527 527 527 527 527 527 527 527 527 527 

R-squared 0.365 0.394 0.387 0.474 0.475 0.496 0.476 0.508 0.474 0.514 

Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 
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4.4. Multicollinearity Test 

Table 7: Test results of Multicollinearity of Model 10 

Variab1e VIF 1/VF 

PC_GDP 5.24 0.190919 

HP 4.52 0.221319 

EdY6 3.24 0.308893 

B_Rate 1.75 0.570517 

D_Rate 1.45 0.688182 

EPR 1.34 0.743512 

Wean VIP 2.92  

 

This paper conducted a multicollinearity test on the optimal model 10 in the linear regression analysis. 

The VIF values for all variables in the model are below 10, with an average VIF of 2.92, indicating 

that there is no severe multicollinearity problem. The collinearity effect among explanatory variables 

is relatively minor. 

4.5. Panel Regression  

4.5.1. Hausman test 

It was conducted to compare fixed and random effects models, yielding a chi-squared value of 80.98 

with a p-value < 0.0001, indicating that the fixed effects model is more suitable for this data. The 

fixed effects estimates for key variables such ln(HP), PC_GDP , D_Rate, and marriage rate differ 

significantly from random effects estimates, suggesting correlation between explanatory variables 

and unobserved individual effects. Thus, the fixed effects model effectively controls for unobserved 

heterogeneity, providing more consistent estimates. 

Table 8: Results of the Housman test 

Variable FEeshmate RE-estmate differeice SEV 

Ln(HP) 1 .664528 1.587266 0 .0772622 0 .2484317 

PC_GDP -0.0000492 -0.0000555 0.00000635 0.00000196 

D_Rate 0.2609561 0.4669792 -0.206023 0.074187 

B_Rate 0.2221157 0.3291575 -0.1070418 0 .0258625 

EdY6 0.6689164 0.5080641 0.1608523 0.1822985 

EPR 0.413757 0.2418622 0.1718948 0 .0194659 

chi2(5) = (b-B)'[(V_b-V_B)^(-1)](b-B)= 80.98 ;    Prob>chi2 = 0.0000 

4.5.2. Fixed Effects Analysis 

In terms of coefficient significance, variables in Models 21 and 22 have statistically significant 

estimates, allowing the null hypothesis of zero coefficients to be rejected with confidence. Model 21 

exhibits a higher goodness-of-fit (71.7%) compared to Model 22 (61.8%), indicating that Model 21 

provides better estimates when only accounting for unobserved variables that vary by individual and 

not by time. Therefore, Model 21, which incorporates individual fixed effects, is considered the 

superior model for this analysis. 

In comparison to Models 21 and 22, which include individual fixed effects, Model 23 introduces 

a dummy variable for each year from 2006 to 2021 to account for unobserved variables that vary over 
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time but not by individual. This approach adds an excessive number of explanatory variables, which 

reduces degrees of freedom, increases the variance of estimates, and decreases model efficiency. 

Furthermore, with the inclusion of time-fixed effects in Model 23, the coefficients for divorce rate 

and the interaction term (lnHP_D_Rate) lose significance, and the newly introduced dummy variables 

for 2007, 2015, and 2016 fail to reject the null hypothesis of zero coefficients. Therefore, this study 

conclude that Model 23 performs worse than Models 21 and 22, suggesting that the analysis of 

housing prices impact on marriage rates should focus more on unobserved variables that vary by 

individual but not over time 

In Model 24, this study include two sets of dummy variables to represent both individual fixed 

effects and time fixed effects. In Model 25, this study apply time averaging and construct a mean-

deviation equation to achieve individual demeaning, eliminating unobserved variable bias that varies 

by individual but not over time. Additionally, this study introduce T-1 dummy variables to remove 

unobserved biases that vary over time but not by individual, thereby avoiding perfect multicollinearity. 

However, regardless of the calculation method used, adding both individual and time fixed effects 

causes the coefficients of control variables, such as the eligible population ratio and the interaction 

term(lnHP_D_Rate), to lose significance. Based on this analysis, this study ultimately select Model 

21 as the optimal model for the panel data regression analysis. 

Table 9: Comparative analysis of Panel Data Regression 

 (21) (22) (23) (24) (25) 

VARIABLES M_Rate M_Rate M_Rate M_Rate M_Rate 

ln HP 226.857*** 226.857*** 182.896*** 145.518*** 145.518*** 

 (46.841) (45.459) (39.932) (50.914) (49.363) 

lnHP_.2 -25.270*** -25.270*** -20.227*** -16.217*** -16.217*** 

 (5.227) (5.073) (4.492) (5.755) (5.580) 

lnHP_.3 0.971*** 0.971*** 0.786*** 0.652*** 0.652*** 

 (0.191) (0.186) (0.166) (0.213) (0.206) 

PC_GDP -0.000** -0.000** -0.000* -0.000* -0.000* 

 (0.000) (0.000) (0.000) (0.000) (0.000) 

D_Rate 4.284** 4.284** 0.299 2.933* 2.933** 

 (1.692) (1.642) (1.240) (1.445) (1.401) 

B_Rate 0.245*** 0.245*** 0.266*** 0.146* 0.146* 

 (0.065) (0.063) (0.046) (0.085) (0.082) 

EdY6 7.080*** 7.080*** 9.230*** 9.889*** 9.889*** 

 (2.155) (2.091) (2.201) (1.796) (1.742) 

EPR 0.300*** 0.300*** -0.103* 0.055 0.055 

 (0.049) (0.047) (0.052) (0.092) (0.090) 

lnHP_D_Rate -0.452** -0.452** 0.054 -0.228 -0.228 

 (0.189) (0.183) (0.146) (0.168) (0.163) 

lnHP_EdY6 -0.789*** -0.789*** -1.021*** -1.092*** -1.092*** 

 (0.241) (0.234) (0.267) (0.188) (0.183) 

Constant -719.488*** -717.590*** -568.732*** -471.486*** -468.674*** 

 (136.918) (132.974) (117.089) (148.825) (144.541) 

Observations 527 527 527 527 527 

R-squared 0.717 0.618 0.667 0.788 0.713 

area_id FE Yes Yes No Yes Yes 

Time FE No No Yes Yes Yes 

Number of area_id  31   31 
Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 

Proceedings of  the 3rd International  Conference on Social  Psychology and Humanity Studies 
DOI:  10.54254/2753-7048/82/2025.21584 

73 



 

5. Conclusion and Policy Implications 

The findings of this study reveal that housing prices exert a significant suppressive effect on marriage 

rates, with the relationship quantified by the polynomial regression model: 

𝑴_𝑹𝒂𝒕𝒆̂ = 𝟐𝟐𝟔. 𝟖𝟓𝟕(𝐥𝐧 𝐇𝐏) − 𝟐𝟓. 𝟐𝟕𝟎(𝐥 𝐧 𝐇𝐏)𝟐 + 𝟎. 𝟗𝟕𝟏(𝐥𝐧 𝐇𝐏)𝟑 − 𝟎. 𝟎𝟎𝟎𝟏(𝐏𝐂_𝐆𝐃𝐏)
+ 𝟒. 𝟐𝟖𝟒(𝐃_𝐑𝐚𝐭𝐞) + 𝟎. 𝟐𝟒𝟓(𝐁_𝐑𝐚𝐭𝐞) + 𝟕. 𝟎𝟖𝟎(𝐄𝐝𝐘𝟔) + 𝟎. 𝟑𝟎𝟎(𝐄𝐏𝐑)

− 𝟎. 𝟒𝟓𝟐((𝐥𝐧𝐇𝐏) ∗ (𝐃_𝐑𝐚𝐭𝐞)) − 𝟎. 𝟕𝟖𝟗((𝐥𝐧 𝐇𝐏) ∗ (𝐄𝐝𝐘𝟔)) 

This formula encapsulates the nonlinear dynamics between housing prices and marriage rates, 

highlighting the diminishing returns of increased housing costs on family formation. Despite its 

robustness, this study has certain limitations. Firstly, while provincial panel data captures 

macroeconomic trends, it may overlook micro-level variations such as urban-rural disparities or 

cultural influences on marriage. Secondly, the study’s reliance on secondary data sources could limit 

the depth of insights into behavioral and psychological factors driving marriage decisions. Future 

research could address these gaps by incorporating individual-level survey data and city-level 

statistics to better account for regional heterogeneity. Moreover, integrating qualitative data on 

societal attitudes toward marriage could offer a richer understanding of how economic pressures 

interact with cultural norms. Finally, extending the research framework to international comparisons 

may provide broader implications, offering policymakers diverse strategies to mitigate the social 

challenges posed by escalating housing prices. 
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